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We associate each C;in V with an error estimate e; = L(C, S)

Using {e} we can rank V and select the k lowest error classifiers __ .
to build an ensemble E Precision|Recall| Error Random Random-1 AP over the CUHK Test using different

The best performing classifiers are selected to form an
ensemble

The final ensemble decision is based on nearby detections of
different classifiers

loss functions for classifier selection
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6. Collecting Spatially-dependent

consensus

3. Ranking Candidate Pedestrians
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